I. INTRODUCTION
The concept of "revealed comparative advantage" as defined by Bela Balassa is widely used in practice to determine a country's weak and strong sectors. Michael Porter, for example, uses a Balassa Index exceeding 1, in some cases strengthened to a Balassa Index exceeding 2, to identify a country's strong sectors in his influential book The Competitive Advantage of Nations.
1 Other empirical examples are Ariovich (1979) , Reza (1983) , Yeats (1985) , Peterson (1988 ), Crafts (1989 , and Amiti (1999) . Despite detailed discussions on the Balassa Index -see Kunimoto (1977) , Hillman (1980) , Bowen (1983 Bowen ( , 1985 Bowen ( , 1986 , Balance et al. (1985 , 1986 , 1987 ), Vollrath (1991 ), and Bowen et al. (1998 -the distribution of the Balassa Index cannot be derived theoretically. In addition, the distribution has not been systematically analyzed empirically (see also Yeats; 1985, p. 61) .
2 Specific values of the Balassa Index are therefore difficult to interpret.
Moreover, it is a priori not clear that a particular value for the Balassa Index implies the same extent of comparative advantage for different countries.
We provide a systematic analysis of the empirical distribution of the Balassa Index. To determine this distribution we could, in principle, proceed in two alternative directions. First, we could take the world as a whole as the group of reference countries and consider all exports of all countries. Second, we could select a group of similar countries for reference purposes and investigate export flows for these countries only. There are several disadvantages to the first approach. Not only could it be that countries at very different levels of (economic) development are being compared, disturbing influences in the export flows are also not being controlled for.
Consider, for example, the export of flowers to Germany, either from The Netherlands or from 1 Additional selection criteria were also used by Porter, see Porter (1990, pp. 739-740) for details.
2 Hillman (1980) , for example, develops a necessary and sufficient monotonicity condition under identical homothetic preferences for the correspondence between the Balassa Index and pre-trade relative prices for a particular industry in two different countries. In our data set the Hillman condition was violated for 7.0 percent of the export value (somewhat smaller than the 9.5 percent found by Marchese and Nadal de Simone; 1989) , and for less than 0.5 percent of the number of observations. Since the distributions of the Balassa Index reported below are based on the number of observations we conjecture that our findings are not affected by the Hillman critique. industry is more important for country A's exports than for the exports of the reference countries.
For our empirical investigation we use a comprehensive data set provided by Eurostat. The data used concern export flows (in value) from 12 Member States of the European Union (Germany, France, The Netherlands, Belgium, Luxembourg, The United Kingdom, Denmark, Ireland, Spain, Portugal, Italy and Greece; henceforth referred to as "EU-12") to Japan from 1992 through 1996. The export figures are monthly data and cover all 2-digit Combined Nomenclature industries as distinguished by Eurostat. This includes the "secret uses" category "00" (weapons, coming from the United Kingdom, Germany and The Netherlands) and the "special uses"
category "99" (with only a few observations), but it excludes category "77" ("reserved for future use," with no observations). The total number of different industries therefore equals 99 (Table   A1 in the Appendix provides a brief description of all the industries). Since Luxembourg is combined with Belgium in the observations we have 5 (years) × 12 (months) × 11 (countries) × 99 (industries) = 65,340 non-negative observations. The actual number of positive observations equals 47,339 (which is 72.5% of all possible observations).
The exports from the EU-12 countries to Japan (Euro 20,566 million in 1992 , rising to Euro 31,957 million in 1996 are much lower than the exports from Japan to the EU-12 countries (Euro largest) we conjecture that this possible bias is modest if at all present.
51,530 million in 1992, falling to Euro 49,136 million in 1996) , although the gap is narrowing slowly. To illustrate the use of the Balassa Index to identify sectors with a comparative advantage, and to characterize the data set we performed some calculations presented in Table 1 and Figure 1 . First, Table 1 shows the three sectors for each country with the highest Balassa Index in 1994, the year in the middle of our sample period, as well as the export value for these sectors, and the share of the sector in the total exports of the country.
INSERT 
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When the Balassa Index exceeds one, the sector is identified as a sector with comparative advantage and one would generally expect net exports to be positive. In this respect, however, we have to be cautious since the comparative advantage is calculated with respect to a set of reference countries which excludes Japan and, as mentioned above, the EU-12 countries have a substantial trade deficit with Japan. Thus, to verify if net exports are indeed positive Table 1 also gives the value of the imports from Japan, the share in total imports, and the trade balance for each of the top three ranking industries. In all cases in Table 1 net trade is indeed positive.  5 This topic is analyzed further in Figure 1 . First, panel a illustrates the evolution over time of the share of industries with a Balassa Index higher than 1 and higher than 2 for the EU-12 countries grouped together (monthly moving annual observations, see section III). As panel a shows, the share of industries with a Balassa Index higher than 1, which are thus identified as industries with a comparative advantage, is stable at 33% (+1%). Similarly, the share of industries with a Balassa Index higher than 2, which could be characterized as industries with medium and strong comparative advantage (see section IV), is stable at 17% (+1%). Second, panel b of Figure 1 shows for the industries with a Balassa Index exceeding 1 and exceeding 2, the share of those industries with positive net exports. The share of industries with a Balassa Index higher than 1 with positive net exports is slowly rising from 72% to 83%. Similarly, the share of industries with a Balassa Index higher than 2 with positive net exports is slowly rising from 86% to 94%. This largely reflects the declining trade deficit of the EU-12 vis a vis Japan.
III. SHAPE, STABILITY AND AGGREGATION OVER TIME
This section analyzes three issues. First, we investigate the shape of the distribution of the Balassa Index, focusing on the cumulative distribution, some summary statistics, and the probability density function. Second, we investigate the stability of the distribution of the Balassa Index over time, that is whether this distribution is the same, for example, in 1992 and in 1994 or drastically different. Recall that in this section we will identify the second type of stability mentioned in the introduction, tracking the evolution of individual sectors over time in section IV
below. Third, we analyze the impact of aggregation of export flows over time, that is grouping 12 observations on monthly export flows together in one observation for an annual export flow, both for the shape and the stability of the distribution of the Balassa Index. Subsection III.1 below considers monthly export flows, while subsection III.2 considers annual export flows.
III.1 MONTHLY OBSERVATIONS
Panel a of Second, some summary statistics on the distribution are given, in particular the maximum, the mean, the standard deviation, and the number of observations. In January 1996 these were, respectively, 303, 2.83, 16.4, and 762 (see panel a).
Third, the Balassa Index points "BI-z" are given, where z ranges from 1 to 8. This readily identifies the share of industries below certain Balassa Index cut-off points. For example, in January 1996 the BI-1 point was 0.61 (panel a), indicating that 61% of the observations in January 1996 had a Balassa Index below 1, and thus 39% had a Balassa Index above 1. Similarly, the BI-4 point in January 1996 is 0.89, indicating that 89% of the observations had a Balassa Index below 4, and 11% of the observations had a Balassa Index above 4.
INSERT Table   2 ). 7 The distribution is therefore not only skewed, but also "fat tailed" (a relatively large share of the observations is in the tails of the distribution). The median Balassa Index of 0.62 also indicates that the "Balassa Index > 1" criterion used to identify industries with a comparative advantage selects less than half of the industries when applied to monthly observations. More precisely, 64% of the observations have a Balassa Index below 1, 80% have an index value below 2, 90% have an index value below 4, and 96% have an index value below 8. Put differently, the "Balassa Index > 1" criterion applies to about 36% of the industries with positive (monthly) exports.
Panel b of Table 2 shows also that the distribution of the Balassa Index is remarkably stable over time if the values of the Balassa Index based on monthly export flows are pooled per annum:
the maximum (rounded) percentage point deviation of the cumulative distribution for any single year from the (pooled total of the) period as a whole is 1%, 1%, 1% and 0% for "Balassa Index = 1, 2, 4, 8", respectively. Panel a of Table 2 shows that this even holds for each individual month:
the maximum (rounded) percentage point deviation of the cumulative distribution for any single month in 1996 from (the pooled total of) the period as a whole is 3%, 1%, 1% and 1% for "Balassa Index = 1, 2, 4, 8" respectively. Also note that in all cases, that is, whether a particular 7 If μ z is the z-th moment of a distribution, for z = 1,2,3,.. and σ is the standard deviation, then skewness is defined as μ 3 /σ 3 and kurtosis as μ 4 /σ 4 . Note that these measures are dimensionless. For all symmetric distributions skewness equals 0, while skewness is positive (negative) for long tails to the right (left). Kurtosis is always positive, so that this measure is usually interpreted relative to the normal distribution which has a kurtosis of 3. Kurtosis values larger than 3 indicate fat tails (with respect to the normal distribution), while values smaller than 3 are indicative for relatively thin tails. month or a particular (pooled) year is considered, at most 5% of the industries have a Balassa Index exceeding 8.
The mean Balassa Index fluctuates more substantially over time. This comes as no surprise in view of the very high skewness and kurtosis, which suggests the presence of outlying observations. This also implies that the mean is a poor indicator. Consider for example the export flows in February 1996 with 814 observations and a mean Balassa Index of 2.53, which accommodates the maximum value of 351 for that month. Without that single maximum observation there would be 813 observations with a mean Balassa Index of 2.10. Indeed, due to one observation the mean increases from 2.10 to 2.53, or by more than 20%.
INSERT FIGURE 2 ABOUT HERE
The findings of this subsection as summarized in Table 2 
III.2 ANUAL OBSERVATIONS
In this subsection we consider annual export flows. Observe that due to aggregation of the monthly export flows the number of observations diminishes dramatically. However, since we have data available on a monthly basis we would not make complete use of the information in our dataset if we considered annual observations only from January to December. Indeed, we also have observations for years starting in, say, April and ending in March. Combining then the best of both worlds leads us to consider monthly moving annual observations, which gives us 46,280 observations. Hinloopen and Van Marrewijk (2000) give the distribution of the Balassa Index for monthly moving annual observations for each period for which data are available. In Table 3 this information on annual observations is summarized and compared with monthly observations (see also the last column of Table 2, panel b). As is to be expected, the distribution of the Balassa Index based on annual rather than monthly observations has less extreme outliers, causing the distribution to be more compact. The maximum falls by 29% from 351 to 250, the mean falls by 14% from 2.41 to 2.08, the standard deviation falls by 10% from 12.42 to 11.17, and the kurtosis drops by 7% from 282.81 to 262.05. These measures are, however, dominated by relatively few observations: as is evident from Table 3 less than 20% of the monthly observations and less than 17% of the annual observations of the Balassa Index is above the mean.
INSERT TABLE 3 ABOUT HERE
On the other hand, the shape of the cumulative distribution, which depends on the majority of the observations, is much less affected by aggregation of export flows over time. Indeed, when compared to Balassa indices based on monthly export flows, the share of industries with a Balassa Index below 1, 2, 4 or 8 rises by only 3, 3, 2 and 1 percentage point(s), respectively. Also the kurtosis changes little, from 15.30 to 15.14. This relatively mild influence of aggregation over time on the shape of the cumulative distribution of the Balassa Index is illustrated in Figure 3 .
INSERT FIGURE 3 ABOUT HERE
Note that the distribution itself, based on monthly moving annual export flows, is also stable over time (see also section III.1). This is perhaps most clearly illustrated by a comparison of the results per annum for the period as a whole (see Table 3 ) with any distribution based on monthly moving annual export flows (see Hinloopen and Van Marrewijk; 2000) . This shows that the maximum deviation for the Balassa Index at 1, 2, 4, or 8 is only 1 percentage point for all but one "moving" year.
The final issue addressed in this subsection is the shape of the density function, rather than the cumulative distribution. At various universities and seminars we asked our colleagues to sketch their expected shape of this density function (before showing the cumulative distribution!).
Sometimes we gave them additional information, like the median and the mean. Invariably, they sketched a bell-shaped function with a fat right tail, where the top could be either above or below "Balassa Index = 1" (usually depending on whether or not we informed them that the median was below 1). This, admittedly, unscientific method indicates that many economists have a poor intuitive grasp of the shape of the density function of the Balassa Index. Our empirical results
show that the density function of the Balassa Index is not bell-shaped at all, but monotonically declining, as shown in Figure 4 .
INSERT FIGURE 4 ABOUT HERE IV. PERSISTENCE
Section III investigates the shape of the cumulative distribution of the Balassa Index and the stability of this distribution over time, both for monthly and for annual observations. Since we found this distribution to be rather stable over time, we can formulate statements such as "the probability that the Balassa Index exceeds 2 in the period April 1994 -March 1995 is about 17%". However, this type of stability does not imply that the observations for the Balassa Index for a particular industry and country are persistent over time.
As an illustration of this point consider Figure 5 . It depicts the value of the Balassa Index for industry 6 (Live trees and other plants; bulbs, roots and the like; cut flowers and ornamental foliage) for The Netherlands, both based on monthly observations and on monthly moving annual observations. Clearly the value of the Balassa Index fluctuates over time, be it much less if it is based on monthly moving annual export flows than on monthly export flows. Indeed, there may be seasonal fluctuations in the exports of a particular industry. To the extent that these fluctuations do not occur simultaneously in the country under investigation and the group of reference countries these seasonal fluctuations lead to fluctuations in the Balassa Index which are hard to interpret. Annual observations eliminate such difficulties of interpretation.
INSERT FIGURE 5 ABOUT HERE
On the other hand, although the values of the Balassa Index in Figure 5 vary considerably, they are always above one, both for monthly and annual data (in fact, CN-category 6 has the highest Balassa Index for The Netherlands throughout the sample period). This suggests that information on the value of the Balassa Index for a particular industry in a particular period is also indicative for the value of the Balassa Index in the next period for that same industry. This section investigates such persistence over time using transition probability matrices based on monthly moving annual export flows.
Empirical research into the persistence and mobility of revealed comparative advantage over time using transition probability matrices is pioneered by Proudman and Redding (1998a,b) .
Although we use a similar procedure, there are also several differences. First, Proudman and Redding (1998a) investigate 2 countries (the U.K. and Germany), extended to 5 countries (adding France, Japan and the U.S.A.) in Proudman and Redding (1998b), whereas we investigate 12 [1992] [1993] [1994] [1995] [1996] . Fourth, for their selected group of 5 countries they consider the world as a whole (approximated by the OECD data) as a reference, without corrections in the trade data. As explained in the introduction, we take the EU-12 countries as a reference and analyze exports to a third market (Japan) to correct for trade biases (market access, distance, heterogeneous tastes) to get a clean measure of comparative advantage. Fifth, they normalize the Balassa Index such that the mean is equal to one for all countries. Since this normalization is not standard practice in applied research we did not follow that procedure. Sixth, and finally, they endogenously divide the Balassa Index into four classes to ensure that the number of observations is roughly equal for each class. Although attractive for estimation purposes there are two main disadvantages to that approach. Not only are the boundaries between the classes hard to interpret (what does it mean in Proudman and Redding (1998a, p. 22) for the U.K. to have a normalized Balassa Index in the third class between 0.941 and 1.165?), but they also differ from one country to another (the third class for Germany in Proudman and Redding (1998a, p. 22) ranges from 1.006 to 1.258). The latter makes comparisons between countries, particularly of differences in persistence, difficult. For these reasons we divide the Balassa Index into 4 classes which can be readily interpreted:
Class b:
Class c: 2 < Balassa Index ≤ 4; and p denote a one-step transition probability, that is the probability that for monthly observations next period's Balassa Index of a particular sector and country fall in class b, given that this period's Balassa Index for that same sector and country falls in class a. Similarly, y da p denotes the probability that for yearly observations next period's Balassa Index of a particular sector and country fall in class a, given that this period's Balassa Index for that same sector and country falls in class d, etcetera. Panel a of Table 4 gives the pooled results of the one-step empirical transition probabilities for all Member States considered for the period as a whole, both monthly and annually, on the assumption that this probability is the same for all sectors and countries. For example, panel a indicates that, given that an industry has a weak comparative advantage in 1994 (is in class b for annual observations), the probability that it also has a weak comparative advantage in 1995 is 64%, while the probability that it shows no comparative advantage in 1995 is 23%, etc. Hinloopen and Van Marrewijk (2000) give all empirical, one-step, 4×4 transition probability matrices for all classes and all months, both for monthly observations and for monthly-moving annual observations. These 59 monthly and 37 annual transition probability matrices were used to calculate the average transition probabilities with a concomitant 95% reliability interval in Panel b of Table 4 .
INSERT TABLE 4 ABOUT HERE
There is a close correspondence between the pooled and average transition probabilities: there is a 1% deviation for only 4 estimated transition probabilities for monthly flows, while there is a 0% deviation for the other 12 monthly observations and for all annual observations. The estimated reliability intervals are small and, with one exception, smaller for annual than for monthly flows.
The diagonal elements of the matrices in Table 4 suggest that the observations on the Balassa Index are more persistent from period to period for both low (class a) and high (class d)
observations than for the apparently more transient intermediate classes (b and c) . Moreover, as argued above and illustrated in Figure 3 , the classes appear to be more persistent for annual than for monthly observations; all the diagonal entries, for example, are higher for annual than for monthly observations, indicating that it is more likely to stay in the same class. Alternatively, there is a 1% chance of moving from class a to class d for monthly observations, compared to a 0% probability for annual observation. The estimates on the reverse movements are 5% en 2%, respectively. The top line of (2) indicates that the probability of evolving over time to any particular class is independent of the initial class and equal to the stationary probability distribution. The bottom line of (2) uniquely determines the π i z . It can be used to determine the stationary probability distribution. Alternatively, one can simply calculate P z n for large n, which is the procedure we used, to obtain the implied stationary probability distribution (see Table 4 ). This result is then compared with the empirical distribution in Table 4 . These appear to be very similar, specifically for monthly observations, suggesting that the transition probability matrices accurately characterize the data generating process underlying the distributions of the Balassa Index.
IV.3 SECTORAL MOBILITY
The literature has developed a number of "mobility indices", which collapse into one number the mobility information of a transition probability matrix, see Proudman and Redding (1998b, p. 24) . Let P be the transition probability matrix, let n be the number of classes, let π i be its ergodic distribution, where i indicates the class, and let m λ be the eigenvalues of P for m = 1,..,n.
Number the eigenvalues in declining modulus. We consider the following mobility indices, Since the diagonal elements of P give the probability of staying in the same class, 1 minus these elements give an indication of mobility, which explains M 1 . Since P is a transition probability matrix there is always one eigenvalue equal to 1 and the modulus of the other eigenvalues is bounded from above by 1. Convergence to the ergodic distribution occurs at a geometric rate given by powers of the eigenvalues. The smaller the modulus of an eigenvalue, the faster its corresponding component converges. Moreover, the dominant, that is the slowest, convergence term is given by the second largest eigenvalue. Emphasizing that aspect explains M 4 .
Alternatively, the product of the eigenvalues is equal to the determinant of the matrix. This gives a rationale for M 3 . As explained above, the size of each class evolves to the ergodic distribution.
Mobility index M 2 , finally, uses these as weights to calculate an extended version of M 1 while simultaneously 'penalizing' large movements. Table 5 reports the mobility indices for both monthly and annual observations. All indices indicate lower annual mobility than monthly mobility. On the face of it this seems to violate 8 Proudman and Redding (1998b) also consider
Since all eigenvalues are real Shorrocks's (1978) period consistency criterion, as also discussed in Geweke et al. (1986) , arguing that over a longer period of observation for the same process mobility should increase.
Observe however that the process leading to the distribution of the Balassa Index based on annual observations is not the same as the monthly process iterated 12 times. In the latter case the index is based on a flow of exports over a one-month period and transitions are based on comparing changes from one month to the next. For annual observations the index is based on a flow of exports over a twelve month period and transitions are based on comparing changes from one year to the next. Apparently, Shorrock's notion does not apply when different types of export flows are considered.
As indicated, the Balassa indices based on annual export flows are more persistent (in the sense of lower mobility) than those based on monthly export flows. A particular value of the Balassa Index based on annual export flows is therefore more likely to reflect the 'true' comparative advantage. Accordingly, for the remainder of the analysis, which is concerned with regional differences, we use (monthly moving) annual export flows.
V. REGIONAL DIFFERENCES
Sections III and IV focus on the shape of the distribution of the Balassa Index and its stability over time. To that end the individual observations of different EU-12 member states are grouped together. That, however, bypasses a range of interesting questions to be addressed on differences in degree of specialization and mobility between countries (see also Proudman and Redding; 1998a , 1998b . Indeed, in most cases practitioners calculating Balassa indices are interested in comparing the outcome for different countries. This section investigates these spatial differences and finds them to be quite large. At this point we stress, however, that although the distribution and the transition probabilities may vary from one country to another, the stability of the for our matrices M 5 equals M 1 . distribution itself and of the transition matrices is comparable to the results found and discussed for the EU-12 as a whole in sections III and IV.
V.1 DIFFERENT DISTRIBUTIONS Table 6 summarizes the results on the distribution of the Balassa Index for individual countries based on monthly moving annual export flows. There appears to be considerable country to country variation. For example, on average 33% of the EU-12 industries has a Balassa Index above 1 (see Table 3 ), but this ranges from a low of 18% for Ireland to a high of 42% for France.
Similarly, on average 8% of the EU-12 industries has a Balassa Index above 4, where the country observations vary from 21% for Greece to 0% for Germany.
INSERT TABLE 6 ABOUT HERE
If anything, the results presented in Table 6 show that the same value for the Balassa Index has a different meaning for different countries. Accordingly, using the Balassa Index to identify a country's weak and strong sectors in comparison to other countries should be done with care. On the other hand, using the Balassa Index to rank a country's exporting industries is not disputed by the results presented in Table 6 . Table 7 reports the estimated pooled transition probability matrices for each EU-12 country for the classes a-d as defined in section IV (see our webite for the estimated average transition probability matrices). 9 Again, there appears to be considerable variation, this time in transition probabilities between the EU-12 countries. For example, the probability that an industry which portrays no comparative advantage in a particular year remains in the same class (that is, does not portray a comparative advantage the next year either) varies from 86% for The Netherlands to 97% for Denmark. Similar variation can be identified for the other three classes.
V.2 DIFFERENT TRANSITION PROBABILITIES
Below each estimated transition matrix the implied ergodic distribution is reported as well as the empirical counterpart. In most cases the implied and empirical distribution are similar, indicating that the transition probability matrices adequately capture the underlying distribution.
Accordingly, the transition probability matrices can be used to investigate differences in mobility between the EU-12 Member States. Table 8 reports the four mobility indices defined in section IV for each country, where the ordering of countries is roughly from persistent to mobile.
Proudman and Redding (1998b) estimate similar mobility indices for France, the UK and Germany. For these countries they find a consistent ranking, being that France has the most mobile trade specialization pattern while that of Germany is the most persistent. We find the same ranking for each mobility index for these three countries. It is unclear at this point whether a high or low mobility index is beneficial for the macro-economic development of a nation. As the European soccer player of the last century 10 has taught us: every disadvantage has its advantage.
In fact, this point is part of our ongoing research program.
INSERT TABLES 7 AND 8 ABOUT HERE
A formal confirmation that the dynamics of the Balassa Index is different for each country is given in Table 9 , which summarizes the findings on country-by-country testing for equal transition probability matrices. 11 Under the null hypothesis that the data generating process is given by the estimated transition probability matrix of the country in each row of Table 9 , that is for all states i = 1,..,m. The resulting test statistic 10 Johan Cruyff. 11 Obviously, Germany is not part of Table 8 as it is the only country that has no observations in class d. determines if the estimated transition probability matrix for each country in the column of Table 9 is equal to the null. It is asymptotically distributed 12 Despite the relatively short observation period, since we obviously cannot use overlapping (that is monthly-moving) observations, the null hypothesis of equal transition probabilities is soundly rejected in 85 out of 90 country-by-country comparisons.
Indeed, mobility patterns differ between countries. The 5 asymmetric exceptions may well be part of standard statistical fluctuations.
VI. CONCLUSIONS
We describe the empirical distribution of the Balassa Index by analyzing the export performance of similar countries to a third market using European Union -Japan trade data. We investigate individual countries and the EU-12 as a whole.
In all cases the distribution of the Balassa Index is very skewed with a median well below one, a mean well above one, and a monotonically declining density function. The process is apparently well defined in the sense that the distribution changes very little from one period to the next.
Moreover, aggregation over time, that is analyzing annual rather than monthly trade flows, or pooling values of the Balassa Index, has only a mild influence on the distribution. The observations for individual industries are, however, more persistent over time for annual than for monthly trade flows. The widely used criterium "Balassa Index > 1" to identify sectors with a comparative advantage selects about one third of the exporting industries.
The distribution of the Balassa Index differs considerably across countries, making comparisons of the index between countries problematic. This certainly holds for the dynamic properties of the process. Although different mobility indices based on our estimated transition probability matrices do not always lead to the same ranking, Germany appears to have the most persistent and Greece the most mobile pattern of comparative advantage over time. 2.5, 5, 10, 25, 50,75, 90, 95, 97.5 Table 7 Continued. Table 7 Continued.
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